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The National Institute of Information and Communications Technology (NICT) observes the

ground surface with the airborne synthetic aperture radar: Pi-SAR X2 and conducts research on

methods of processing the observed data using machine learnings, especially deep learnings, in

order to make it easy to use effectively. In this paper, we report the result of land cover classifica-

tion by deep learning based on the observation data of Pi-SAR X2 and the vegetation data ob-

tained from Geographic Information System (GIS) data.
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