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In order to realize a smart and sustainable society, we are conducting research and develop-
ment of smart data analytics technology that associates various sensing data to generate and utilize
“actionable” information useful for predicting complex situations in the real world and for supporting
appropriate behaviors. In this paper, we describe the following topics: (1) cross-data analysis tech-
nology that collects various real-world event data to discover, learn, and predict cross-disciplinary
correlations; (2) distributed federated Al technology that builds common prediction models to under-
stand situations and support actions without sharing individual private data; and (3) construction of
xData platform which implements these fundamental technologies, and efforts to promote co-cre-
ation-style problem solving by utilizing the platform.
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