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4-3  Developing Cross-data Smart Services using xData Platform
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The NICT Big Data Integration Research Center continues to research and develop the platform
for smart service development through cross-data analysis as a smart data utilization platform
technology in the field of universal communication. The xData platform is being built to discover
correlated data and predict risks by use of data mining and machine learning with collecting various
real-space sensing data. We are also implementing xData APIs and xData information assets to
promote the use of NICT’s analysis technology, development of smart services, and technology

transfer. This paper describes the status of these efforts.
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